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Motivation Economy-Wide Exposure Across
Artificial Intelligence (Al) has been predicted by some to Co nflgu rations
automate large portions of work, bring significant GDP gains, or Al Economic Exposure Across Data Configurations
fundamentally restructure how value is created in the economy.
It has also been predicted to be not much more than another All Confirmed
$4.1T (41.5%) wages
technological advancement as happened with the printing press, i —
the internet, or the personal computer. Having accurate Conversational Confirmed
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measures of how Al is affecting the workforce is vital for o i
policymakers designing intervention, educators redesigning o = Agentic Confirmed
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curriculum, and businesses deciding how to adapt. S $2.4T (24.0%) wages
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The Gap
Most methods used to measure Al workforce exposure have O e All Sources (Ceiling)

been done using theoretical measures [1, 2, 3]. We propose a
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way of measuring exposure by utilizing two real world Al usage % of National Total

sources. This allows for incorporating real world context and
human judgement into the use of Al for economic work which ( X p O S ‘ O ,

theoretical measures largely miss. This also allows for proxies for

B Tasks Exposed ™ Workers Exposed ™ Wages Exposed

not just Al capability, which theoretical measures capture, but

also Al adoption, which is just as important to Al workforce

. Top Al Exposed Sectors
impact independent of capability. C O n C e n t ra t e d I n te C h ’ Al Exposure by Major Occupational Category
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We take data from Anthropic and Microsoft where they classify S a I e S b u S I n E S S ffl C o
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what economic tasks people used their Al chatbots (Claude and Office and

Administrative Support

60.6% $377.98
$521.5B

54.2% $566.0B

Copilot respectively) for [4, 5]. We use this task set data to
Educational

. . 53.1%
Instruction and Library

estimate the degree to which each task can be automated $276.8B

@
versus augmented and map this onto various measures of a n d e d u C a t I O n Wo r k
workforce exposure using data from the Occupation Information @

Network (O*NET) and Bureau of Labor Statistics (BLS), covering
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Sports, and Media
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Legal 48.4% 564K $69.8B
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Major Occupational Category

Life, Physical,

and Social Science R 645K

sector and occupation exposure, workers and wages,
Community and

. pees . ey . . . 421% 881K
skills/knowledge/abilities, work activities, preparation level, Social Service
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Architecture
and Engineering

5% 1.2M $119.2B

physicality, agentic tooling reach, state groupings, and temporal

A

—
(=]

=)

o
2

50% 100% O 5M 10M $0 $200B$400B
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trends.

This reaches 58 million workers

Key Findings

Across the economy, 29.3% of tasks are exposed, corresponding ( 3 7 . 5 % Of t h e WO r ka rce ) a n d $4. 1 Top Al Exposed Work Acti\[ities

to 58 million workers (37.5% of the workforce) and $4.1 trillion

in wages (41.5% of the economy). Exposure converges on Al Exposure by General Work Activity
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Computer and Mathematical, Sales, Business and Financial t rl I I IO n I n Wa ges (4 1 o 5 % Of t h e Working with Computers 76.0%

Operations, Office and Administrative Support, Education, and Updating and Using Relevant Knowledge 73.4% 11M .$ss.45

Arts Design and Entertainment. The most Al-exposed skills are e CO n O my)

speaking, reading comprehension, and instructing; the most

$154.3B

Interpreting Information for Others 73.4% $176.8B

Communicating with People Outside Org 68.3% $152.0B

Establishing Interpersonal Relationships 67.0% 156K $14.6B

exposed work activities are working with computers, updating

Analyzing Data or Information 62.2% $327.5B

and using relevant knowledge, and interpreting information for

Developing Objectives and Strategies 60.1% $157.4B

others. Less physical occupations are more exposed (physical

Providing Consultation and Advice 58.6% $296.6B

O*NET General Work Activity

task share correlates with exposure at p = -0.78) and among

Getting Information 57.3% $299.0B

non-physical work, exposure clusters in a similar range
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regardless of preparation level. Exposure is trending upward
0% 50% 100% 0 1M 2M 3M 4M o .3‘70 8o, 83
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Wages Exposed

Implication
Top Al Exposed Skills, Knowledge, and
Our findings suggest where we will see the most transformation Abilities

to what work looks like going forward, which makes proactive

Al Capability as % of Workforce Max — O*NET Skills, Knowledge, and Abilities
Skills (top 10 elements)

integration of Al into these areas and evolution of the tasks

within them a pressing need. These findings provide a detailed Speaking (Content
Reading Comprehension (Content
signal on workforce exposure from Al that can direct policy, Instructing (Social
Learning Strategies (Process
education, and workforce adaptation efforts toward the areas of Active Learning (Process ‘
Writing (Content) N 6 4 %

greatest transformation. Persuasion (Social) I 2%
Complex Problem Solving (Complex Problem Solving) e 6 0%
Monitoring (Process) e 60%
Time Management (Resource Management) e 58 %

Abilities (top 5 subcategories)
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